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Introduction

In this era of data-driven decision-making, organizations must efficiently manage 

their data infrastructure to unlock its full potential. The ever-increasing volume and 

complexity of data present significant challenges. This comprehensive guide offers 

an overview of the key considerations and best practices for effective data 

management, including:

By implementing the recommended  

best practices, organizations can 

effectively tackle data infrastructure 

complexity and enhance their overall  

data management capabilities.
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The challenges of on-premises  
data management

 

 
data scalability, efficiency,  

and performance

 

 

 
data security and compliance in 
complex environments 

 

 
emerging trends and future- 
proofing data infrastructure.

 

 
data silos and  

heterogeneity
  

 
integrating diverse 
data sources 

 

 
the case for cloud  
migration

https://www.nortonlifelock.com/us/en/newsroom/
https://www.nortonlifelock.com/us/en/newsroom/
https://www.nortonlifelock.com/us/en/newsroom/
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Emerging Trends and Future-Ready  
Data Infrastructure
In the dynamic landscape of today’s data-driven world, organizations are navigating  

transformative trends in data infrastructure, each shaping the way data is managed and  

leveraged for strategic advantage. 

 

Federated Data Architectures

A notable trend is the rise of federated data architectures, a distributed approach facilitating access and analysis of data from 

multiple sources without centralizing storage. These architectures break down data silos, enabling real-time access to diverse 

sources. The benefits are substantial, promoting better collaboration, informed decision-making, and seamless adaptation 

to evolving business needs. Federated data architectures provide agility by incorporating new data sources dynamically, 

fostering flexibility and adaptability. 

Impact of AI and ML on Data Management

Artificial intelligence (AI) and machine learning (ML) are revolutionizing data management, and unlocking valuable patterns 

and insights. To prepare data for AI and ML, organizations must focus on quality, standardization, and accessibility. This 

involves cleansing and enriching data, ensuring proper labeling and tagging, and organizing it for algorithmic suitability. 

Implementing data governance practices is crucial to maintaining data integrity and compliance, and addressing the evolving 

demands these technologies impose on data. 

Considerations for Building Resilient and Adaptable Data Infrastructure

Building a resilient and adaptable data infrastructure is essential for effective data management. Key considerations include 

scalability and flexibility to handle growing data volumes and accommodate changing business needs. Robust security 

measures and compliance with data privacy regulations are imperative. A solid backup and disaster recovery strategy 

minimizes downtime. Future-proofing involves considering emerging technologies like edge computing, blockchain, and IoT.

Organizations embracing these trends gain a competitive edge in the evolving data landscape. A federated data architecture 

offers flexibility and scalability, preparing data for AI and ML ensures insights are derived effectively, and a resilient 

infrastructure positions organizations to navigate complexity and harness the strategic potential of their data. The evolving 

data ecosystem demands holistic strategies that balance business needs, costs, and technical capabilities, transforming data 

infrastructure from a mere plumbing necessity into a strategic business asset.
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Understanding the Data Infrastructure Landscape
In the MarTech and AdTech industries, data infrastructure has undergone significant 

transformations to keep pace with the demands of big data analytics and real-time decision-

making. The landscape is characterized by a blend of both cloud and on-premises solutions,  

each offering distinct advantages. 

 

On-Premises vs. Cloud-Based Data Infrastructure

When choosing a data infrastructure, organizations need to consider whether to deploy it on-premises or in the cloud.  

Both options have their advantages and disadvantages, and the choice depends on factors like data security, scalability,  

cost, and IT expertise

On-premises data infrastructure refers 

to deploying and managing data 

infrastructure within an organization’s 

own data centers.

Benefits

•	 Provides full control over data security and compliance

•	 Ability to customize the infrastructure to specific requirements

Drawbacks

•	 Costly to set up and maintain

•	 May require dedicated IT resources for management  

and troubleshooting.

 

Cloud-based data infrastructure refers 

to deploying and managing data 

infrastructure on cloud platforms like  

AWS, GCP, or Microsoft Azure.

Benefits

•	 Offers scalability, flexibility, and cost-effectiveness,  

as organizations can easily scale resources up or down  

based on their needs

Drawbacks

•	 Organizations need to ensure data security and  

compliance when moving sensitive data to the cloud

•	 Possible reliance on third-party vendors for support  

and maintenance.
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On-Premises Solutions

When choosing a data infrastructure, organizations need to consider whether to deploy it on-premises or in the cloud. Both 

options have their advantages and disadvantages, and the choice depends on factors like data security, scalability, cost, and 

IT expertise. 

While cloud solutions are prevalent, some organizations still maintain on-premises data infrastructure for various reasons, 

including regulatory compliance or specific security considerations. On-premises databases, data warehouses, and Hadoop 

clusters are often optimized for high-throughput processing of big data.

In terms of data organization, on-premises solutions may utilize optimized columnar databases and in-memory processing 

for faster analytics. Organizations might employ tools like Apache Spark for distributed data processing, ensuring efficient 

handling of vast datasets. However, data skew, ongoing resource management issues, and difficulties with integration, 

combined with the sheer complexity of running big data jobs in Spark and Hadoop are leading many organizations to seek 

more modern alternatives.

In the ever-evolving landscape of marketing and advertising technology, the challenges posed by on-premises (on-prem) 

data management have become increasingly apparent. Legacy on-premises systems often struggle to scale seamlessly with 

increasing data volumes. As organizations strive to extract meaningful insights from vast datasets for tasks ranging from 

multi-touch attribution to audience building and closed-loop measurement, the limitations of on-premises infrastructure 

have surfaced.

 
Cloud Solutions

Data Lake vs. Data Warehouse: What’s the Difference?

Data lakes and data warehouses are two popular approaches for storing and managing data, each with its own strengths and 

use cases. A data lake is a centralized repository that stores raw and unprocessed data in its native format. It offers flexibility 

and scalability, allowing organizations to store vast amounts of structured, semi-structured, and unstructured data. On the 

other hand, a data warehouse is a structured repository that stores data in a predefined schema. It is optimized for querying 

and analysis, making it ideal for business intelligence and reporting purposes.

The Rise of the Data Lakehouse: Combining the Best of Both Worlds

The data lakehouse is an emerging concept that combines the strengths of data lakes and data warehouses, aiming to 

address their limitations. It leverages the scalability and flexibility of data lakes while providing the structured querying 

capabilities of data warehouses. By bringing together the best of both worlds, the data lakehouse enables organizations to 

perform advanced analytics on diverse datasets without compromising on performance or data governance.

https://aqfer.com/the-challenges-of-on-premise-data-management/
https://aqfer.com/the-challenges-of-on-premise-data-management/
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Vendors in Cloud Data Infrastructure
Many organizations in Marketing and Advertising Tech leverage cloud platforms such as AWS, 

Google Cloud, and Azure for their scalability, flexibility, and cost-effectiveness. In the cloud, data is 

often stored in distributed databases, data lakes, or data warehouses. Modern cloud data solutions 

like Aqfer, AWS Redshift, BigQuery, and Snowflake, among others, provide a scalable architecture 

capable of handling massive datasets efficiently.

These platforms enable organizations to organize data in highly optimized formats, leveraging 

columnar storage and compression techniques. Parquet and ORC (Optimized Row Columnar) file 

formats are popular for storing large volumes of data efficiently. Cloud-based solutions also facilitate 

parallel processing, allowing organizations to process billions of records in parallel and derive 

actionable insights in near real-time. Further, many vendors offer add-on services to the primary 

cloud computing platforms such as Google Cloud and AWS as they offer highly optimized services 

that extend the functionality and scalability of the underlying cloud platform’s capabilities.

 

Native Solutions

The major cloud vendors, such as Amazon Web Services (AWS) and Google Cloud Platform (GCP), offer their own data 

warehousing solutions. AWS Redshift and Google BigQuery are two popular choices in this space.

AWS Redshift

AWS Redshift is a fully managed data warehouse service that provides powerful 

analytics capabilities. It is highly scalable, allowing organizations to easily add 

or remove compute resources based on their needs. Redshift also integrates 

seamlessly with other AWS services, making it a preferred choice for organizations 

already using the AWS ecosystem. However, it can be challenging to optimize 

the performance of Redshift for complex queries, and the pricing model can be 

complex and difficult to understand. 
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Google BigQuery

Google BigQuery, on the other hand, is a serverless, highly scalable data 

warehouse that allows for fast and interactive analysis of large datasets. It offers 

automatic scaling and high concurrency, making it suitable for organizations 

with varying workloads. BigQuery also provides tight integration with other 

Google Cloud services, making it easy to build end-to-end data analytics solutions. 

However, it may not be the best choice for organizations heavily invested in the 

AWS ecosystem, as the integration with AWS services is not as seamless.

Aqfer Marketing Data Platform

Aqfer Marketing Data Platform is a powerful data infrastructure solution 

that combines the best of both data lakes and data warehouses and focuses 

specifically on marketing data. It is built on top of major cloud vendors like AWS 

and GCP, leveraging their storage and serverless compute capabilities. Aqfer 

provides a unified platform for ingesting, storing, and analyzing marketing data 

from various sources, such as advertising campaigns, customer interactions, 

browser traffic, and resolving digital identities.

One of the key advantages of Aqfer is its ability to handle large volumes of data 

while maintaining high performance. It uses advanced optimization techniques 

to accelerate data processing and query execution, ensuring fast and efficient 

analysis. Aqfer also provides a range of analytics and reporting features, making it 

easy for service providers to help marketers derive insights from their data.

 

Extended Solutions

To make the most of their ever-growing volumes of data, many businesses are turning to dedicated big data management 

platforms like Aqfer, Snowflake, and Databricks. Though cloud giants like AWS and Google Cloud offer data services, solutions 

from other platforms can provide businesses with deeper capabilities optimized for marketing, analytics, and data science use 

cases. The added power of these data-focused platforms comes from performance-enhancing features like caching, indexing, 

and query optimization that simplify working with massive, complex datasets. By leveraging the stability and scalability of 

major cloud infrastructure along with robust data tools, businesses can efficiently collect, process, and, and extract insights 

from their expanding data stores. The combination of cloud provider and specialized data platform gives businesses the best 

of both worlds - enterprise-grade infrastructure and cutting-edge data management functionality.
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Databricks

Databricks is a unified analytics platform that empowers organizations to build, 

train, and deploy machine learning models at scale. It provides a collaborative 

environment for data scientists, data engineers, and business analysts to work 

together on data-driven projects. Databricks integrates with popular data 

sources, such as data lakes and data warehouses, making it easy to access and 

analyze data from different sources.

One of the key advantages of Databricks is its ability to handle big data 

processing and machine learning workloads in a distributed and scalable 

manner. It leverages Apache Spark, an open-source distributed computing 

system, to process large volumes of data in parallel. Databricks also provides 

a rich set of libraries and tools for building and deploying machine learning 

models, making it a preferred choice for organizations with advanced analytics 

requirements.

 
Snowflake

Snowflake is a cloud-based data warehouse that has been gaining significant 

traction in recent years. It is designed to be highly scalable, flexible, and 

performant, making it a popular choice for organizations of all sizes. Snowflake, 

like Aqfer, offers an architecture that separates compute and storage, allowing 

for independent scaling of each component.

However, it’s important to note that Snowflake may not be the best choice 

for organizations with limited cloud adoption or complex on-premises data 

infrastructure. Additionally, while Snowflake offers a range of built-in analytics 

and reporting capabilities, organizations may need to integrate it with other 

tools and platforms for advanced analytics and machine learning.
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These challenges manifest in various ways, hindering the effectiveness of marketing  

and advertising efforts:

Addressing Data Silos and Heterogeneity
Data silos hinder data accessibility and utilization, making it crucial for organizations to break 

down these barriers. As such, they present substantial challenges for enterprise organizations 

operating in the MadTech space. Data silos occur when information is stored and managed 

in isolated systems or departments, leading to fragmented and disconnected datasets. 

Heterogeneity, on the other hand, encompasses the diversity and variation in data formats, 

structures, and sources within an organization.

	 Lack of Data Visibility and Collaboration

Data silos prevent a comprehensive view of customer data and 

marketing/advertising initiatives. Separate data repositories 

impede seamless sharing and collaboration, limiting cross-

functional insights and hindering comprehensive analysis and 

decision-making.

 	 Inaccurate and Inconsistent Data

Data silos and heterogeneity increase the risk of data 

duplication, inconsistencies, and inaccuracies. Lack of 

synchronization across systems compromises data integrity, 

leading to unreliable analytics and reporting, and ultimately 

poor decision-making. 

	 Compliance and Data Governance Risks

Consistently implementing data security, privacy, and 

compliance across all data silos poses a complex challenge. 

Managing regulations and governance standards becomes 

difficult when data is spread across multiple systems and 

formats.

	 Inefficient Data Integration

Integrating and harmonizing data is complex and time-

consuming when stored in disparate systems with varying 

formats. This leads to extra effort and resources spent on data 

cleansing, transformation, and mapping, delaying data  

analysis and insights generation.

	 Sub-par Personalization and Targeting

Personalization and targeted marketing rely on unified 

customer data, which is difficult to achieve with siloed data  

and heterogeneity. Without this unified customer view, it’s 

almost impossible to deliver personalized experiences,  

tailored messaging, and targeted campaigns. 

To address these challenges, organizations require a 

comprehensive data strategy that focuses on breaking 

down data silos, standardizing data formats, and 

implementing robust data integration processes. 

Centralizing and harmonizing data enables a unified 

customer view, improves decision-making, enhances 

marketing efforts, and ensures compliance with 

regulatory requirements.
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Ensuring Scalability and Performance
Scalability is vital in accommodating data growth and evolving business needs. This section 

discusses the architectural considerations for scalable data infrastructure and provides best 

practices for optimizing data processing and performance. 

Importance of Scalability

Scalability is paramount for accommodating the increasing volume, velocity, and variety of data. It enables organizations to 

handle data growth without compromising performance or incurring excessive infrastructure costs. The ability to adapt to 

changing business requirements and efficiently manage peak workloads is crucial.

Various data types, from structured to unstructured, streaming data from IoT devices or social media, and real-time 

application-generated data, can create scaling challenges. These data types necessitate fast ingestion, processing, and 

analysis, straining traditional infrastructures. 

Architectural Considerations for Scalable Data Infrastructure

To achieve scalability, organizations should leverage modern cloud data warehouses like Amazon Redshift and Google 

BigQuery, offering scalable and elastic storage and compute resources. Additionally, a serverless architecture, exemplified by 

AWS Lambda or Azure Functions, provides automatic scaling and fine-grained resource allocation. Distributed processing 

frameworks like Apache Spark or Hadoop enable parallelized data processing, improving performance, though these legacy 

frameworks may present challenges of their own.

Best Practices for Optimizing Data Processing and Performance

Optimizing data processing involves best practices such as data partitioning, sharding, caching, in-memory processing, 

data compression, indexing, and continuous monitoring. These practices enhance query performance, reduce latency, and 

optimize resource utilization. 

Talent Requirements and Challenges

Implementing and managing scalable cloud data warehouses and serverless architectures demands specialized skills, 

including data engineering, cloud architecture, and expertise in big data technologies. However, the scarcity of such talent 

poses challenges, making recruitment and retention costly for organizations.

Ultimately, leveraging a modern cloud data warehouse and serverless architecture empowers organizations to efficiently 

handle big data. Architectural considerations and best practices ensure scalability, efficiency, and performance. However, 

talent challenges underline the need for a holistic approach, combining technical excellence with strategic talent acquisition 

to build robust data infrastructures.
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Integrations: Transforming & Moving Data
Integrating diverse data sources is a crucial aspect of modern data management, particularly 

in industries such as marketing and advertising where data comes in various formats and from 

disparate systems. Structured, unstructured, semi-structured, and streaming data need to be 

harmoniously combined to extract valuable insights and drive informed decision-making.

Data transformation and movement are essential steps in the data lifecycle. ETL Extract, 

Transform, Load) and ELT Extract, Load, Transform) are two common approaches to data 

integration and processing, each with its own advantages and use cases.

Extract, Transform, Load (ELT)

ETL is a traditional approach where data 

is first extracted from the source systems, 

then transformed using predefined rules 

or scripts, and finally loaded into the 

target system, such as a data warehouse. 

ETL is suitable for scenarios where data 

needs to be cleansed, standardized, or 

aggregated before analysis. However, 

ETL can be time-consuming and may 

introduce delays in data availability.

Extract, Load, Transform (ETL)

ELT, on the other hand, is a modern 

approach where data is first extracted 

from the source systems and loaded 

into the target system without any 

transformation. The transformation is 

then performed directly in the target 

system, leveraging its processing 

capabilities. ELT is suitable for scenarios 

where data needs to be analyzed in its 

raw form or where the target system has 

powerful data processing capabilities, 

such as a data lake or a data warehouse 

with advanced analytics features.

Reverse ETL

Reverse ETL is a relatively new 

concept that focuses on moving data 

from the target system back to the 

source systems or other downstream 

systems. It enables organizations to 

operationalize the insights derived 

from the data and take real-time 

actions based on the analysis. Reverse 

ETL is suitable for scenarios where 

data-driven actions need to be taken 

immediately, such as personalized 

customer experiences or real-time 

fraud detection.

Data Lakehouses: A Modern Approach to Integration

When it comes to storing and processing data, organizations have traditionally relied on data lakes or data warehouses. However, 

a new approach known as a data lakehouse has emerged, combining the best features of both data lakes and data warehouses to 

address the challenges and limitations associated with each.

A data lakehouse provides a unified and scalable solution for integrating and processing diverse data sources. In a data lakehouse, 

structured data can be stored in a relational format, while unstructured and semi-structured data can be stored in its raw form 

within a data lake. 
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Data Lakehouses: A Modern Approach to Integration

When it comes to storing and processing data, organizations have traditionally relied on data 

lakes or data warehouses. However, a new approach known as a data lakehouse has emerged, 

combining the best features of both data lakes and data warehouses to address the challenges 

and limitations associated with each.

A data lakehouse provides a unified and scalable solution for integrating and processing diverse 

data sources. In a data lakehouse, structured data can be stored in a relational format, while 

unstructured and semi-structured data can be stored in its raw form within a data lake.

This hybrid architecture allows for flexibility and agility in handling different data types, ensuring 

that organizations can efficiently manage and analyze their data. Data lakehouses offers a 

comprehensive solution that meets the evolving needs of data-driven organizations. In the 

following sections, we will explore the challenges organizations face when integrating structured, 

unstructured, semi-structured, and streaming data and how a data lakehouse can effectively 

address these challenges.

Data Variety and Complexity

Organizations deal with a variety of data types. Structured data such as customer and product databases are organized into 

predefined fields and tables. These may include transaction histories, CRM data, and point-of-sale data. Unstructured data 

refers to social media, images, video, email, and documents. Semi-structured data has some organization but lacks a strict 

schema, like logs, XML, API data, or JSON files. Streaming data is real-time data generated from sources like mobile apps, 

IoT devices or social media feeds. It’s real-time, continuous nature poses ingestion and processing challenges. All together, 

integrating and processing these diverse data types requires careful consideration and specialized tools.

Example: Integrating data from different advertising platforms like Demand Side Platforms (DSPs) or Supply Side Platforms 

(SSPs) that provide structured campaign data, unstructured ad creative assets, and streaming real-time bidding data.

Data Ingestion and Transformation

Organizations need to extract, transform, and load (ETL) data from various sources into the data lakehouse. This process 

involves handling different file formats, data structures, and data quality issues. Ingesting and transforming data in real-time 

or near real-time from streaming sources adds another layer of complexity.

Example: Ingesting and transforming website, app, and social media interactions, transactions, store visits, loyalty program 

data, and other customer data into the data lakehouse.
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Data Governance and Metadata Management

Ensuring data quality, security, and governance across different data types is crucial. Organizations need to establish data 

governance policies, metadata management, and data lineage to maintain data integrity and compliance.

Example: Implementing data governance practices to ensure compliance with privacy regulations and maintaining data 

quality across structured and unstructured advertising data.

Data Integration and Schema Evolution

Integrating structured and unstructured data requires defining a unified schema or data model that can accommodate 

evolving data sources and changing business requirements. Managing schema evolution and schema-on-read capabilities is 

essential to handle the flexibility of unstructured and semi-structured data.

Example: Adapting the data schema to incorporate new data sources or formats as marketing and advertising  

technology evolves.

Data Processing and Analysis

Analyzing integrated data from different sources involves advanced processing techniques like data wrangling, data enrichment, 

and machine learning. These processes require scalable computing resources and efficient data processing frameworks.

Example: Analyzing integrated data from DSPs, SSPs, identity spines, and other sources to generate insights for targeted advertising 

campaigns or customer segmentation.

Data Vendors

One substantial challenge arises from the varying schemas employed by different vendors, even when ostensibly handling the same 

types of data. For instance, when dealing with consumer data and integrating with data partners, common linkable data subject 

keys such as hashed emails, cookie IDs, or device IDs might align, yet differences in nomenclature across other fields necessitate 

meticulous mapping as part of the integration process. Handling multiple data vendors, each supplying millions of records 

with hundreds of fields, introduces complexity. Deciding which new data to keep or replace requires intricate logic and specific 

sequences of job pipelines, demanding skilled personnel to navigate this complexity effectively.

Example: Between separate vendors, there are often record IDs between systems that will have to be synchronized, along with 

various naming conventions for fields such as Name (fname, first_name, full_name, lname, last_name); Phone (1.234.567.8910, +1 (234) 

567-8910, or 2345678910 (with a separate field for the country code prefix)); and other fields with similar discrepancies.

14
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Data Security and Compliance in Complex Environments
Staying compliant with data privacy regulations poses complex challenges for marketing, 

advertising, and data technology businesses. An evolving regulatory landscape spanning multiple 

jurisdictions creates a complex compliance environment.

GDPR, CCPA, and other emerging regulations establish new constraints around collecting 

and using consumer data. Each law has specific stipulations limiting data collection, requiring 

consent, enabling consumer rights like deletion, and mandating organizational controls like data 

protection assessments.

Companies struggle to balance compliance obligations while still collecting enough meaningful 

datafor business needs like ad targeting and personalization.

High Costs of Non-Compliance

The stakes are high for companies that fail to meet evolving data privacy 

regulations, as regulatory non-compliance carries severe financial and 

reputational penalties. GDPR allows supervisory authorities to levy fines of up 

to 4% of a company’s global annual revenue for the preceding year. Beyond just 

GDPR, many regulators fine substantially for violations based on factors like 

severity, intent, and number of consumers impacted. 

Those who fail to meet escalating regulatory obligations face legal, financial,  

and reputational consequences that can have lasting effects on the business. 

Robust governance and oversight are needed to avoid these substantial 

compliance risks.

Investing in Privacy-Focused Data Practices

To address these challenges, organizations must prioritize data security and 

compliance efforts. This involves establishing robust data protection frameworks, 

implementing privacy-by-design principles, and regularly reviewing and 

updating policies and procedures. Training employees on data handling 

practices and leveraging technology solutions, such as data encryption 

and anonymization techniques, can further strengthen data security while 

maintaining compliance.

GDPR allows supervisory 

authorities to levy fines of up  

to 4% of a company’s global 

annual revenue for the 

preceding year. 

https://aqfer.com/lp/2024-state-of-data-privacy-report/
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The Case for Cloud Migration
As data volumes and diversity explode, marketing technology stacks need highly scalable and 

flexible data platforms. On-premises data warehouses are too rigid to ingest real-time inputs like 

website clicks, app activity, and IoT data. They also cannot cost-effectively scale to handle surging 

structured, unstructured, and semi-structured data.

Integration Solutions

Cloud data lakehouses provide pre-built integration to ingest this proliferating data sprawl into one location. They connect to 

hundreds of data sources and equip organizations to consolidate disparate signals. Built-in ETL streamlines moving data from raw 

repositories into refined structures optimized for analytics. Cloud services greatly simplify centralizing siloed data at scale and these 

capabilities reduce the complexity and time required for data integration, enabling businesses to make faster, data-driven decisions.

Scalability and Flexibility

Cloud data lakehouses scale seamlessly to accommodate growth. Compute can be dialed up or down to match workloads and data 

expansion. Limitless storage and separation of storage and compute allow organizations to store all their data now and decide how 

to organize it later. The scalability and flexibility delivered by these platforms empower companies to handle data-intensive tasks 

such as campaign analytics, customer segmentation, and personalized marketing at scale. Ultimately, this balance of governance 

and agility is ideal for all marketing data.

Resource Optimization

Public cloud platforms significantly reduce the infrastructure and overhead required for modern data environments. Traditional 

on-premises infrastructure requires significant investments in hardware, maintenance, and IT personnel. In contrast, cloud platforms 

offer a pay-as-you-go model, allowing developers to spin up resources on-demand instead of procuring hardware. This eliminates 

the need for upfront capital expenditures and reduces ongoing operational costs.

Automation and serverless approaches optimize usage and cut waste. With most public cloud pricing models, organizations only 

pay for the cloud services consumed rather than maintaining idle capacity. The cloud’s variable cost model matches spending to 

data needs. Moreover, the cloud’s self-service nature enables marketing and data teams to access and analyze data directly, reducing 

dependency on IT departments and accelerating time-to-insight.

By leveraging purpose-built cloud data lakehouses, marketing technology teams can efficiently consolidate their core asset - data - 

to drive customer insights, power campaigns, and inform product decisions. The cloud provides the integration, scalability, flexibility, 

and optimization needed for the future of marketing data.



17

Choosing the Right Data Infrastructure 
for Your Business
Choosing the right data infrastructure for your business depends on various factors, such as your 

data requirements, budget, scalability needs, and existing IT infrastructure. Here are some key 

considerations to keep in mind:

Data requirements

Assess the types of data you need to 

store and analyze, such as structured, 

unstructured, or semi-structured data. 

Consider the volume, variety, and 

velocity of your data.

Security

Evaluate the data security and 

compliance features of the data 

infrastructure options. Ensure that 

your sensitive data is protected and 

meets regulatory requirements.

Scalability

Evaluate the scalability requirements of 

your business. Determine if you need 

the ability to scale resources up or down 

based on demand.

Ease of use

Consider the ease of use and user-

friendliness of the data infrastructure. 

Determine if it aligns with the skills and 

expertise of your IT team.

Cost

Consider the cost implications of 

different data infrastructure options, 

including upfront investments, 

maintenance costs, and licensing fees.

Integration

Assess the integration capabilities 

of different data infrastructure 

components. Determine if they can 

seamlessly integrate with your existing 

systems and tools
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Ready to Tame Your Data?

Navigating the data landscape requires savvy moves. Embrace the cloud—AWS, Google Cloud, Azure—they’re not just platforms; 

they’re keys to scalability and flexibility. Shift the on-premises mindset; consider new players, maybe a data lakehouse vibe. Data 

silos are the enemy; break them, standardize formats, and dance with compliance.

Scalability? Cloud data warehouses and serverless setups have got your back. Privacy is non-negotiable—think governance, 

think encryption. The future is about unity—unified storage, AI/ML, and federated architectures. Gear up for advanced analytics; 

your data should be a springboard, not a hurdle.

Your data is not just data; it’s a strategic asset. It’s your compass, your secret sauce. Let it be the force that propels your 

organization forward.

If this data expedition has you pumped but you’re feeling a bit tangled up, fear not! Explore the Aqfer Marketing Data Platform 

– your go-to ally in the data realm. Picture streamlined data management, unified insights, and a solution that dances with 

your business needs. Break free from the complexities; let Aqfer be your guide. Curious about how it fits your unique scenario? 

Schedule a call with an Aqfer expert today. Dive into your challenges, explore the possibilities, and let’s craft a data story that 

propels your business forward. Your data adventure just found its perfect companion.

To learn more, 
visit us at www.aqfer.com 
or contact us at info@aqfer.com

This should have a link included - see original copy doc for that link or copy here:https://aqfer.com/lp/2024-state-of-data-privacy-report/

